El

SR R 2 BB NS HE R 413 Rl R R R By
— TUH B R [ (DNA B 510 ) B R Y R
JH 2 BLTE T R DR 41 DL B R 2 W 5 B 5 e Y R 2

TItREE

ETZFENEEERAUIHERIITEHAR

MW MRBE e #H,F B°

(L.PEA#HEFHRAZLEIEFR AN 310018;2. PEHMTZFHEAEL ZELFR M 310018)

Ev

OB ORI RS R 09 0 B X e 4 B2 ) K PR3 08 B A7 78 Rk T 56 N TU AR e AiE 7T RE R 1K 20 2 4%
PERERY )T, 32 11 T — A B T 2= & 19 AR 2 die R AL R7 AR 42 B (CMIT-Selection) J7 2 . Hadoop = 1581 5 X 2k
IR 35 BUH % 43 J5 HEAT IR AT R AT [l I 45 5 AR B R AL Ty B X R IE EAT SR I, SE L T T B AR AR
L UEAEAY SR AR R BT 5T B Y AR B R AR AR $E U5 s R AE DRIE AR = 43 2R BE RS DL R P
FRIURFAE , 5 48 Kok I ) 3 950, 2 — o g 200070 TR P AIE SR IR 4

KW I B R R 2 F & R ER I

doi: 10.3969/j.issn.1000-0801.2013.10.008

Maximum Mutual Information Feature Extraction
Method Based on the Cloud Platform

Wei Shasha', Lu Huijuan',Jin Wei', Li Chao®
(1.College of Information Engineering,China Jiliang University , Hangzhou 310018, China;
2.College of Mechanical and Electrical Engineering, China Jiliang University, Hangzhou 310018, China)

Abstract: With the large-scale application of gene chip, gene expression data with high dimension which exists a
large number of irrelevant and redundant features may reduce classifier performance problem. A maximum mutual
information feature extraction method based on cloud platforms was proposed. Hadoop cloud computing platform
could be a parallel computing after gene expression data segmentation, features was extracted at the same time
combined with the maximum mutual information method and the characteristics of cloud computing platform filter
model was realized. Simulation experiments show that the maximum mutual information feature extraction method
based on the cloud platform can rapid extraction of features in a higher classification accuracy which save a lot of
time resources to make a highly efficient gene feature extraction system.
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